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Evolutionary analysis of whole-genome sequences confirms
inter-farm transmission of Aleutian mink disease virus
Emma E. Hagberg,1,2,*† Anders G. Pedersen,2 Lars E. Larsen3 and Anders Krarup1
Abstract
Aleutian mink disease virus (AMDV) is a frequently encountered pathogen associated with mink farming. Previous
phylogenetic analyses of AMDV have been based on shorter and more conserved parts of the genome, e.g. the partial
NS1 gene. Such fragments are suitable for detection but are less useful for elucidating transmission pathways while
sequencing entire viral genomes provides additional informative sites and often results in better-resolved phylogenies.
We explore how whole-genome sequencing can benefit investigations of AMDV transmission by reconstructing the
relationships between AMDV field samples from a Danish outbreak. We show that whole-genome phylogenies are much
better resolved than those based on the partial NS1 gene sequences extracted from the same alignment. Well-resolved
phylogenies contain more information about the underlying transmission trees and are useful for understanding the
spread of a pathogen. In the main case investigated here, the transmission path suggested by the tree structure was
supported by epidemiological data. The use of molecular clock models further improved tree resolution and provided
time estimates for the viral ancestors consistent with the proposed direction of spread. It was however impossible to
infer transmission pathways from the partial NS1 gene tree, since all samples from the case farms branched out from
a single internal node. A sliding window analysis showed that there were no shorter genomic regions providing the
same phylogenetic resolution as the entire genome. Altogether, these results suggest that phylogenetic analyses based
on whole-genome sequencing taking into account sampling dates and epidemiological data is a promising set of tools
for clarifying AMDV transmission.
INTRODUCTION
Aleutian mink disease (AMD), also referred to as plasma-
cytosis, is the most important disease in the mink farming
industry worldwide. The disease affects mink of all ages and
is caused by Aleutian mink disease virus (AMDV), a single-
stranded DNA virus belonging to the family Parvoviridae
[1]. Like other parvoviruses, the AMDV genome consists of
two large ORFs and two smaller ones, which by alternative
splicing encode three non-structural (NS1, 2 and 3) and two
structural viral proteins (VP1 and 2) [2, 3]. Infection results
in a harmful activation of the immune system, leading to
hypergammaglobulinaemia and systemic vascular diseases
such as glomerulonephritis. Animal welfare is reduced and
infected animals either die due to organ failure or become
persistently infected carriers, transmitting the virus within
and between herds [4].
In Denmark, AMDV is monitored by a mandatory national
control programme [5], which briefly requires all farms to
conduct serology-based screening at regular intervals
according to the region’s disease status. Positive farms
undergo more intensive monitoring and are encouraged to
depopulate followed by thorough cleaning and disinfection
of the farm. Given these regulations and due to the fact that
parvoviruses are highly contagious and very resistant to
environmental factors, AMDV protection and prevention
imposes large costs on the mink farmers [4].
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Previous molecular studies of AMDV strains circulating in
Denmark have primarily been based on Sanger sequencing
of a part of the NS1 gene [6–9]. Such short and relatively
conserved regions are useful for diagnostic purposes and for
exploring more distant relationships between strains; how-
ever, due to the small number of informative sites, studies
based on the partial NS1 gene have resulted in phylogenetic
trees with low resolution with limited use for exploring out-
breaks and discerning the transmission routes of AMDV
between farms.
In this paper we demonstrate the strength and applicability
of using whole-genome sequence for reconstructing phylo-
genetic relationships in a case of AMDV transmission
among three Danish mink farms. The increased genetic
information from the entire viral genomes may be used to
investigate routes of viral transmission in more detail [10,
11]. Whole-genome data were obtained using next-genera-
tion sequencing (NGS), which has previously been a useful
tool for this purpose [12, 13]. In connection with the
phylogenetic analysis, we further explored the use of molec-
ular clock models, which allowed us to estimate the age of
the ancestors of the viruses from individual farms – thus
generating information crucial for tracking the source of
new outbreaks.
RESULTS
Sequence analysis
The data quality was overall high with approximately 99%
of the reads mapping to the AMDV-G reference genome
(data not shown), and as previously observed, the homopol-
ymeric region between nt 2470–2520 caused a dip in read
coverage, but did not affect downstream analysis [3, 14]. The
average read depth for each sample is shown in Table 1. The
nucleotide diversity (average number of nucleotide differen-
ces per site) between the recent Danish isolates was relatively
low: p=0.0062, SE=0.00032 for the partial NS1 gene and
p=0.0043, SE=0.00014 for the whole-genome sequences. The
individual mean pairwise differences between the sequences
collected at each farm are reported in Table 1.
All full-length AMDV field strains were analysed for the pres-
ence of recombination using SimPlot [15] and all methods
implemented in the RDP4 software package [16]. No recom-
bination was detected between the sequences from the case
farms (A, B and C), the remaining Danish isolates or between
the Danish and international sequences. The SimPlot analysis
reflected the overall low pairwise distances in the alignment
and in line with previous studies indicated a slightly higher
variability in the first ORF [3, 17].
Phylogenetic results
Evaluating the use of whole-genome sequences for
reconstructing phylogenies
The two alignments, based on the partial NS1 gene and
whole-genome sequences, were used as the input for the phy-
logenetic analyses. The best-fitting nucleotide substitution
model for the partial-gene dataset was the so-called HKY
model that distinguishes between transition and transversion
rates as well as allowing for unequal base frequencies [18],
while for the whole-genome dataset it was the HKY model
with a proportion of invariant nucleotide sites and a gamma-
rate distribution (HKY+IG). The phylogeny based on the par-
tial-gene dataset showed all farm A, B and C sequences
branching our from a single node (a polytomy) together with
farm I; it was therefore unhelpful for estimating phylogenetic
relationships and inferring transmission routes (see Fig. 1).
The same conclusion applied to the remaining farms.
Analysis of the whole-genome dataset resulted in a better-
resolved phylogeny with fewer polytomies and displayed
high posterior clade probabilities (Fig. 1b). Sequences origi-
nating from farms B and C formed sub-trees within the tree
of farm A. This is consistent with the hypothesis that farm
A was infected first and that the infection then spread to
farms B and C – an idea further supported by the clock-
model analysis and the prevalence data (see below). The
remaining Danish outbreak-derived sequences mainly clus-
tered according to the farm from which they were sampled.
The overall tree topology resembled that seen in previous
studies [7, 19], with the Danish strains forming a clade of
their own and the global strains all being placed as out-
groups (Fig. 2). Our results illustrate that the whole-genome
sequences contain additional important additional genetic
information that improves the phylogenetic signal com-
pared to the partial NS1 gene fragment used in Denmark.
The considerably higher tree resolution obtained when
using the whole-genome alignment enables us to begin
understand these outbreaks in greater detail and investigate
the route by which the infection spreads within a country.
Although the partial NS1 gene region seems to be insufficient
for a robust phylogenetic analysis, it is possible that other
short genomic regions might be useful for phylogenetic analy-
sis. This could potentially be advantageous due to the some-
what easier workflow involved in Sanger sequencing and
subsequent analysis of a single PCR fragment compared to the
several steps involved in obtaining and analysing large collec-
tions of NGS reads. We therefore performed a sliding
window analysis with the purpose of quantifying the phyloge-
netic information content in different subsections of the
AMDV genome. Manual inspection of the whole genome
alignment showed that nucleotide changes were located over
the entire genome (suggesting that all the data are necessary to
obtain full resolution), however with a slightly higher diversity
in its first half. In order to stringently quantify the phyloge-
netic signal in different sub-sections of the alignment, 400 bp
windows spaced at 25 bp intervals were extracted from the
whole genome alignment (i.e. the windows started at positions
1, 25, 50, 75, 100, etc., with the first covering 1–400, the second
25–424, etc.). A window size of 400 was chosen as this corre-
sponds to a typical PCR fragment size and could easily be
Sanger-sequenced. For each of the resulting 179 sub-align-
ments, a tree was reconstructed using a full Bayesian phyloge-
netic analysis, and subsequently, the relative resolution for
each window was measured in two different, but related, ways:
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Table 1. Overview of sequences generated in this study
Sampling dates are indicated as yyyy-mm-dd, sequence lengths are either full length (4369 bp) or nearly full length (3198 bp), average read depth is
the number of reads per nucleotide position, and the intra-farm diversity is presented as the mean pairwise sequence difference (pi) and its standard
error (SE).
Farm Mink no. Sampling date (yyyy-mm-dd) Length (bp) Average read depth GenBank acc. no. Intra-farm diversity (mean pi, SE)
A 1 2014-11-21 4369 10959 KU856560 0.001068, 0.000257
2 2014-11-21 4369 12912 KU856561
3 2014-11-21 4369 12627 KU856562
B 1 2014-11-14 4369 12768 KU856563 0.00305, 0.000062
2 2014-11-14 4369 6008 KU856564
3 2014-11-14 4369 14170 KU856565
C 1 2014-11-14 4369 14211 KU856566 0.001373, 0.000285
2 2014-11-14 4369 14238 KU856567
3 2014-11-14 4369 8015 KU856568
D 1 2014-11-19 4369 3267 KX404887 0.000870,
0.0001372 2014-11-19 4369 1001 KX404888
3 2014-02-10 4369 1496 KU856571
4 2014-02-10 4369 1339 KU856572
5 2014-02-10 4369 765 KU856573
E 1 2014-05-08 4369 1283 KX404889 0.00458,
0.0001872 2014-05-08 3198 1967 KX404890
3 2014-05-08 4369 1438 KX404891
F 1 2014-11-11 3198 341 KX404892 0.00458,
0.0001872 2014-11-11 3198 1040 KX404893
3 2014-11-11 4369 1174 KX404894
G 1 2014-11-10 3198 1290 KX404895 0.000610,
0.0001252 2014-11-10 3198 1277 KX404896
3 2014-11-10 4369 2263 KX404897
H 1 2014-11-11 4369 2337 KX404898 0.001465,
0.0002202 2014-11-11 3198 1155 KX404899
3 2014-11-11 3198 19014 KU856580
4 2014-11-21 4369 12655 KU856569
5 2014-11-21 4369 13965 KU856570
I 1 2014-03-26 4369 2801 KX404800 0.000305,
0.0001252 2014-03-26 4369 4338 KX404801
3 2014-03-26 4369 2030 KX404802
J 1 2014-03-26 4369 2967 KX404803 0.000763,
0.0001252 2014-03-26 4369 2546 KX404804
3 2014-03-26 4369 3257 KX404805
K 1 2014-11-25 4369 2708 KX404806 0.001221,
0.0003112 2014-11-25 4369 239 KX404807
3 2014-11-25 4369 338 KX404808
L 1 2014-02-24 4369 23798 KU856574 0.000381,
0.0000802 2014-02-24 4369 24082 KU856575
3 2014-02-24 4369 11615 KU856576
4 2014-02-24 4369 11903 KX404809
5 2014-02-24 4369 27274 KX404810
6 2014-02-24 4369 8565 KX404811
M 1 2014-06-19 4369 2118 KU856577 0.000458,
0.0000722 2014-06-19 4369 1341 KX404812
3 2014-09-19 4369 2203 KX404813
4 2014-09-19 4369 1974 KX404814
5 2014-09-19 4369 1587 KX404815
N 1 2004-10-15 4369 8888 KX404816 –
O 1 2004-05-27 4369 10419 KU856578 –
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(1) by counting the number of internal nodes in the tree – the
better the resolution of a tree, the fewer polytomies and hence
the more internal nodes the tree will have; and (2) by counting
the number of fully resolved internal nodes (i.e. internal nodes
having exactly two offspring) – a fully resolved tree will have
two offspring for all internal nodes. These numbers were then
compared to the corresponding measurements made on the
whole-genome phylogeny (i.e. we computed the ratio between
the values based on each individual sub-alignment and the
value in the tree made from the full alignment) and the two
measurements gave very similar results (data not shown).
Fig. 3 shows the relative resolution measured using the
(a)
Fig. 1. Comparison between the partial NS1 gene and whole-genome phylogenies. Phylogenetic trees based on the partial NS1 gene
dataset (a) and the whole-genome dataset (b) constructed in MrBayes version 3.2 applying the HKY model and estimating the number
of invariable sites and gamma-rate distributions from the data. The Markov-chain Monte Carlo (MCMC) simulations were run for 50
million iterations. Branch labels represent posterior probabilities for each clade (Bayesian support values) and branch lengths repre-
sent substitutions per site, as indicated by the scale bars.
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number of internal nodes as a function of the start of the
400 bp window.Windows in the first half of the genome result
in higher resolution, which is in agreement with the observed
higher variability in this region. In particular, a region around
approximately nt 1100–1700 (corresponding to the 3¢ end of
the NS1 gene) displayed good resolution. The segment typi-
cally used for partial NS1 gene sequencing is in this alignment
located between nt 605–932, and corresponds to a dip in the
curve of resolving power (Fig. 3). It should be noted that this
gene segment was not originally selected for the purpose of
maximizing phylogenetic signal content, but rather for reliable
PCR amplification and diagnostic purposes, and thus our
results emphasizes that the partial NS1 sequence is not well
suited for investigating the spread of infection within Den-
mark. From our analysis, it is also clear that there is no single
window of the genome that provides a resolution close to that
of whole-genome sequencing, and even the best windows
obtained at most 60% of the resolution compared to using the
whole-genome.
Estimating divergence times using sampling dates
The whole-genome dataset presented here was characterized
by low diversity and a phylogeny with a shallow root and
low levels of rate variation between its branches (mean nt
difference=0.0033, SE=0.0001). Such datasets are often well
described by a strict molecular clock and simple coalescent
population growth, especially when the dataset represents a
population subsample as in the present study [20, 21]. We
used the BEAST2 software package to simultaneously esti-
mate divergence times and absolute rates of molecular
Fig. 1. (cont.)
(b)
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evolution by including sampling dates in the phylogenetic
analysis. BEAST2 works within a Bayesian paradigm and
produce a probability distribution over possible values of
the estimated times and rates.
The results of the time-stamped analysis strongly indicated
that the most recent common ancestor (MRCA) for all
sequences isolated from farm A was older than the MRCA
for sequences isolated from farms B and C (Fig. 4).
Specifically, the Bayesian analysis indicated with a posterior
probability of 99.9% that the farm A ancestor was the old-
est. The estimated median age of the farm A MRCA was 1.4
years old (95% credible interval=0.74–2.26 years), while the
median age of the MRCA for farms B and C was 0.92 years
(95% credible interval=0.49–1.5 years). The sequences from
farms B and C furthermore formed a sub-tree within the
tree spread out by the farm A sequences. These observations
were all consistent with the hypothesis that the viruses were
Fig. 2. Phylogenetic tree relating the whole-genome sequences generated in the present study in a global context. The tree was con-
structed using MrBayes applying the HKY model and estimating the number of invariable sites and gamma-rate distribution from the
data and an MCMC run for 100 million iterations. Branch lengths represent substitutions per site as indicated by the scale bar. The
tree was rooted on Gray Fox Amdoparvovirus (GFAV), which was removed from the summary tree to improve visibility.
Hagberg et al., Journal of General Virology 2017;98:1360–1371
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transmitted from farm A to farms B and C, but not the
opposite, and further supported the conclusions from the
undated analyses above.
DISCUSSION
In this study, whole-genome sequencing and phylogenetic
analyses were investigated and demonstrated to be valuable
tools for determining AMDV transmission routes between
mink farms. Previous phylogenetic analyses of AMDV in
Denmark have been based on partial NS1 gene sequences.
While a short and relatively conserved genomic region like
this is suitable for diagnostic purposes, whole-genome
sequences, which are longer and include more informative
regions of the genome, are better suited for obtaining high
phylogenetic resolution. We demonstrated this benefit by
directly comparing whole-genome and partial NS1 gene
phylogenies constructed from the very same data – a set of
full-length AMDV sequences from which the sections corre-
sponding to the previously used NS1 region were cut. The
viral isolates were sampled during a small AMDV outbreak
in three simultaneously infected farms (A, B, and C) in close
geographical proximity to each other. A contemporary test
population was generated by sampling an additional 12
simultaneously AMDV-infected Danish farms, and the data
were put into context by including all at the moment avail-
able international full-length AMDV field isolates in the
analysis. The serological test history showed that farm A
had a much higher AMDV prevalence than its neighbours B
and C, consistent with the idea that farm A became infected
before farms B and C, and that the virus was transmitted
from farm A to the other farms.
Based on the partial NS1 gene phylogeny, it was impossible
to differentiate between transmission pathways since all
sequences from farms A, B, and C formed a polytomy, mean-
ing they branched from a single common internal node in
the tree. Using the whole-genome sequences provided much
higher phylogenetic resolution, and the sequences from both
farms B and C consistently clustered within the farm A sub-
tree, thus supporting the epidemiological transmission
hypothesis that transmission was from farm A to farms B
and C, and not the opposite. This direction of spread was fur-
ther supported by the Bayesian clock model-based analysis
of the relative dates of the MRCAs for the three case farms:
the analysis indicated there was a high probability that farm
A has the oldest viral ancestor, and hence was infected prior
to the other farms. The use of whole-genome sequences also
increased the phylogenetic resolution of the remaining farms
regardless of substitution or tree model (data not shown),
and we therefore concluded that whole-genome sequencing
is a promising tool for identifying routes of AMDV transmis-
sion between farms.
It is important to realize that viral phylogenies and transmis-
sion trees are two different things, and that their structures
can be quite dissimilar. This is because the physical transmis-
sion of a progeny virus must happen some time after it has
genetically split from its parental lineage, and thus the inter-
nal nodes in the phylogeny (which correspond to the event at
which two viral lineages split) will be further back in time
than the equivalent internal nodes in the transmission tree
(which correspond to transmission of a viral lineage to
another animal). The branching order of the trees can also
differ, since a single animal host contains many related
viruses, and the order in which different lineages are trans-
mitted to other animals is not necessarily the same order in
which these lineages split on the viral phylogeny [22]. How-
ever, if samples are collected close enough in time to the
transmission event, it should be possible to establish the
direction of spread with more certainty [11, 23]. Further-
more, if sampling rates are low (i.e. if relatively few animals
are sampled from each farm), then the timing of coalescent
events in the phylogeny is very similar to the timing of trans-
mission events and the structures of the two trees will be
quite similar [24]. Under all circumstances, better resolution
of the viral phylogeny will provide more information about
the underlying transmission tree. In the present study, it
should be taken into consideration that the farms in this
enzootic area of Denmark have a history of culling their
entire animal populations at the end of every production sea-
son and therefore a linear rate of viral evolution cannot be
assumed. Despite the fact that adding sampling dates
improved the resolution of the tree, it should be kept in mind
that the inferred clock-rate, and hence ages of the MRCAs,
does not necessarily reflect the real underlying mutation rate.
The results presented here (based on samples from 2014)
outlined this challenge as the MRCA of farms A, B, and C
was estimated to be between 1.2 and 5.2 years, despite that
the mink populations in these farms were culled at the end of
the previous season (i.e. 2013). It cannot be ruled out that the
virus infecting farm A was not a new virus, but originated
from a previous outbreak and had persisted in the
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Fig. 3. Quantification of phylogenetic resolution across the AMDV
genome. Bayesian phylogenetic trees were created using extractions of
400 bp partitions spaced at 25 bp intervals across the whole-genome
alignment. The relative resolution was measured by comparing the
number of fully resolved internal nodes in each partition to the full
genome (y-axis), and plotted as a function of the starting position of the
400 bp window relative to the AMDV-G genome (x-axis).
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Fig. 4. Time-calibrated phylogenetic tree. The tree was constructed in BEAST2 using the HKY model and estimating the number of invari-
able sites and the gamma-rate distribution from the data, and applying a strict molecular clock and an exponential coalescent population
Hagberg et al., Journal of General Virology 2017;98:1360–1371
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environment and later re-infected the new animals at the
farm. Overall, the results from this study illustrate that phy-
logenetic analyses in relation to AMDV outbreaks will be
most valuable in recently infected farms and that the time-
stamped model is useful for inferring relative time points for
the transmission events.
In addition to carefully choosing the parameters for the
phylogenetic reconstruction process (e.g. substitution model
and priors), the input data – that is the samples and sequen-
ces – are important. Sequencing of PCR-amplified DNA
might not necessarily capture the full intra-individual viral
variation due to clonal amplification. However, the use of a
PCR pre-amplification step is common practice and due to
e.g. abundant host DNA and low amounts of viral DNA, a
feasible approach for the purpose of detecting and typing
AMDV [3]. Possible within-farm variation could theoreti-
cally be addressed by sequencing additional samples per
farm and by including a contemporary test population in
the analysis, as was done in the present study. However, due
to practical circumstances in regard to farm operations, it
will rarely be possible to get more than one or two samples
per farm, but the low intra-farm diversity presented in the
present study suggests it is nevertheless possible to tease out
the inter-farm spread by including additional farms and
adding sampling dates in the analysis.
The practical operations of a mink farm, e.g. open barns
allowing for plentiful ventilation, possible wildlife access,
external feed-supply transportation routes and the proxim-
ity between the farms illustrated by the case farms A and B
(Fig. 5), can impede biosafety and should be considered
carefully in the daily routines at the farm. A study of avian
influenza in livestock showed that the wind direction on the
date of transmission was correlated to the between-farm
viral spread [25]. However, as mentioned above, the specific
time points for the transmission events could not be deter-
mined in this study and therefore the impact of external fac-
tors such as the wind will remain a speculation.
Presumably, neither a constant or exponential tree popula-
tion model, nor a strict molecular clock, is the best way to
describe the dynamics in a viral population. But on the
other hand, to successfully infer relevant parameters using,
e.g., the more complex birth-death models, additional
knowledge about population parameters and a larger dataset
would be required. The number of publicly available whole-
genome AMDV sequences is currently very limited, and it
was just recently that Canuti et al. [19], in a study of field
strains originating from Canada, China and Germany, dem-
onstrated inconsistent phylogenies due to large variation
between tree structures over the viral genome and the pres-
ence of potential recombination events. Thus, we suggest
that future studies should aim to investigate larger test pop-
ulations sampled from broader timespans and from
different countries in order to map the entire AMDV geno-
mic diversity at a global level, thereby generating data that
would benefit all mink-farming countries regardless of prior
genomic surveillance strategy.
In conclusion, this study illustrates that whole-genome
sequencing is better suited for reconstructing high-resolu-
tion phylogenetic relationships between AMDV isolates
compared to shorter gene fragments such as the partial NS1
gene fragment currently used for AMDV typing in Denmark.
Furthermore, by confirming an epidemiological transmis-
sion route hypothesis between three case farms, we show
that whole-genome phylogenies supplement epidemiological
data, such as AMDV prevalence and test history of the farms,
to indicate the direction of transmission, thus suggesting a
framework that could become an important tool to identify
inter-farm spread of AMDV.
METHODS
Farms A, B and C
We investigated a case of AMDV transmission in a small
Danish AMDV outbreak where there was a strong a priori
hypothesis about the route of viral transmission based on
epidemiological data (Kopenhagen Fur, personal communi-
cation). Farms A, B and C all tested serologically positive
for AMDV in November 2014. In addition, farm A had
tested positive in August 2014 with an estimated prevalence
of 21.4%, in September the prevalence of farm C was esti-
mated to 0.4%, while farm B tested negative for AMDV in
2014 (overview in Fig. 5). These prevalence estimates were
based on serological testing of a percentage of the breeding
animals at certain intervals according to the Danish control
programme [5]. The much higher AMDV prevalence on
farm A compared to farms B and C at the time of testing in
November 2014 formed the basis of the initial hypothesis
that farm A transmitted AMDV to farms B and C.
To put these case farms into context, a contemporary test
population consisting of mink sampled from other Danish
farms tested positive for AMDV in 2014, was included in the
analysis. Potential within-farm variation was addressed by,
when possible, sequencing more than one sample per farm.
However, due to practical circumstances in regards to farm
operations, it is rarely possible to access more than one or
two samples per farm, but this number should be sufficient
to estimate between-farm variation if the dataset is large
enough. The geographic locations of the farms and their
AMDV prevalence at their most recent AMD serology test is
shown in Fig. 5. Sequences from farms N and O, both sam-
pled in 2004, were included based on the hypothesis of being
sufficiently evolutionarily distant to root a time-stamped
tree, but not being so different that they would introduce
model. The MCMC chain was run for 100 million iterations. Node labels represent posterior probabilities (Bayesian support values) and
node bars (blue lines) the 95% confidence interval for the age distribution of each node. The x-axis represents time in years.
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long branch lengths that could affect estimation tasks in
Bayesian time-line analyses [26].
Viral samples and preparation
One blood sample per animal was collected from a total of
48 animals originating from farms A–M, in addition to one
archive blood sample from one animal from farms N and O,
respectively (Table 1). Total DNA was extracted from each
blood sample using QIAmp MinElute Virus Spin Kit (Qia-
gen, Hildren, Germany) and eluted in 50 uL low TE-buffer
according to the manufacturer’s instructions. The viral
DNA was PCR-amplified as described previously [3] and
submitted to the Technical University of Denmark (DTU)
Multi-Assay Core (Lyngby, Denmark) for library prepara-
tion and sequencing on a 318 chip using the Ion Torrent
PGM (Life Technologies, Carlsbad, CA) according to the
manufacturer’s instructions. Raw data in fastq format were
processed as described previously [3]. Briefly, the steps prior
to sequence assembly included QC, trimming, error correc-
tion and mapping to the AMDV-G reference with accession
no. NC_001662, followed by naming each sequence accord-
ing to Table 1. For a global comparison, previously pub-
lished complete coding sequences for AMDV field strains
originating from Canada, China and Germany, the com-
plete coding sequences for the antigen strains AMDV-Utah
and AMDV-G, in addition to the closely related Gray fox
amdoparvovirus (GFAV), were retrieved from NCBI Gen-
Bank (overview and references in Table 2).
Sequence analysis
Intra-farm diversity was estimated by calculating the mean
pairwise nucleotide distance and its corresponding standard
error (SE) between the sequences collected from each farm
[27]. The full-length field strains were analysed using Sim-
Plot [15] and all methods implemented in the RDP4 soft-
ware package [16], i.e. RDP, GENECONV, BootScan, MaxChi,
Chimera, SiScan, 3Seq and LARD, to investigate recombina-
tion and to describe variability across the genome.
Phylogenetic reconstructions
Evaluating the use of whole-genome sequences for
reconstructing phylogenies
The whole-genome sequences, including GFAV for rooting,
were aligned at nucleotide level using MAFFT V.7.205 [28] and
converted to nexus format. The 327 bp region correspond-
ing to the DNA sequence flanked by the primers used for
‘conventional PCR’ amplification [8] was extracted from the
alignment, thereby creating two datasets: ‘partial NS1 gene’
and ‘whole genome’. The best fitting substitution model for
each dataset was selected using the program jModeltest
[29]. The phylogenetic relationships were inferred in a
Bayesian framework with Markov-chain Monte Carlo
(MCMC) sampling in MrBayes version 3.2.3 [30], applying
an HKY model with an estimated proportion of invariable
sites, four gamma distribution rate categories and Dirichlet
priors. The MCMC was run for 50million generations for
each of the datasets. The first 25% of the samples was dis-
carded as burn-in, and effective sample size (ESS) values
above 400 for all parameters and standard deviation of split
frequencies below 0.001 were considered as indications that
the MCMC had converged successfully. FigTree version
1.4.2 was used for tree manipulations such as rooting and
for visualization. To facilitate visualization, the outgroup
sequence (GFAV) was removed from the maximum clade
credibility (MCC) trees.
Estimating divergence times using sampling dates
The feasibility of using viral sampling dates to perform
divergence time dating of the ancestors of the isolates
involved in the outbreak was investigated in a Bayesian
framework implemented in BEAST version 2.4.1 [31]. Often a
simple model such as a strict molecular clock and a coales-
cent constant population growth prior size model is a useful
starting point for analysis [20], especially if the dataset rep-
resents a subsample of the population as in the present
study. In addition, both a strict and relaxed molecular clock,
a coalescent constant and an exponentially growing tree
population model was tested, and sampling was done with
MCMC simulations run for 100million generations to
obtain estimates of the posterior distributions. The whole-
genome dataset, excluding the GFAV isolate in order to
avoid introducing long branch-lengths, was aligned as
described above and used for this analysis. The MCMC log
files were inspected for chain convergence based on the
magnitude of ESS-values, and shapes of the traces and mar-
ginal posterior probabilities using Tracer version 1.6 [32].
Treeannotator version 1.8.2 was used for summarizing the
tree log files, and FigTree version 1.4.2 (both distributed
with the BEAST package [31] were used for tree manipula-
tions such as rooting and visualization. The model was also
run without data to confirm that the priors did not influ-
ence the results unduly.
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Table 2. Overview of sequences retrieved from NCBI GenBank
Viral strain Country Length
(bp)
GenBank
accession no.
Reference
AMDV-M173 Canada 4200 KT878958 [19]
AMDV-M195 Canada 4161 KT878959 [19]
AMDV-M228 Canada 4164 KT878960 [19]
AMDV-WM25 Canada 4169 KT878961 [19]
AMDV-Beijing China 4802 KT329428 [33]
AMDV-LN1 China 4543 GU183264 [34]
AMDV-LN2 China 4566 GU183265 [33]
AMDV-LN3 China 4566 GU269892 [33]
AMDV-SL3 Germany 4718 X97629 [35]
AMDV-Utah Antigen 4369 KU513988 [3]
AMDV-G#1 Antigen 4369 KU513985 [3]
GFAV USA 4441 JN202450 [36]
Hagberg et al., Journal of General Virology 2017;98:1360–1371
1370
Downloaded from www.microbiologyresearch.org by
IP:  192.38.90.17
On: Tue, 08 Aug 2017 11:02:48
Acknowledgements
The co-workers at Kopenhagen Diagnostics, Kopenhagen Fur, are
thanked for collecting the samples and for providing valuable back-
ground information about the farms’ history.
Conflicts of interest
The authors declare there are no conflicts of interest.
Ethical statement
The work presented in the paper does not consist of experiments per-
formed on humans or animals, but were performed using tissue samples.
References
1. Bloom ME, Race RE, Wolfinbarger JB. Characterization of Aleutian
disease virus as a parvovirus. J Virol 1980;35:836–843.
2. Bloom ME, Alexandersen S, Perryman S, Lechner D,
Wolfinbarger JB. Nucleotide sequence and genomic organization
of Aleutian mink disease parvovirus (ADV): sequence comparisons
between a nonpathogenic and a pathogenic strain of ADV. J Virol
1988;62:2903–2915.
3. Hagberg EE, Krarup A, Fahnøe U, Larsen LE, Dam-Tuxen R et al.
A fast and robust method for whole genome sequencing of the
Aleutian mink disease virus (AMDV) genome. J Virol Methods
2016;234:43–51.
4. Decaro N, Buonavoglia C, Ryser-Degiorgis M-P, Gortazar C. Par-
vovirus infections. In: Gavier-Widen D, Duff JP and Meredith A
(editors). Infectious Diseases of Wild Mammals and Birds in Europe,
1st ed. Oxford, UK: Wiley-Blackwell; 2012. pp. 181–285.
5. Danish executive order 1447 of 15/12/2009. 2009. www.retsin-
formation.dk/Forms/R0710.aspx?id=129366.
6. Christensen LS, Gram-Hansen L, Chriel M, Jensen TH. Diversity
and stability of Aleutian mink disease virus during bottleneck
transitions resulting from eradication in domestic mink in
Denmark. Vet Microbiol 2011;149:64–71.
7. Leimann A, Knuuttila A, Maran T, Vapalahti O, Saarma U. Molecu-
lar epidemiology of Aleutian mink disease virus (AMDV) in Estonia,
and a global phylogeny of AMDV. Virus Res 2015;199:56–61.
8. Jensen TH, Christensen LS, Chriel M, Uttenthal A, Hammer AS.
Implementation and validation of a sensitive PCR detection
method in the eradication campaign against Aleutian mink dis-
ease virus. J Virol Methods 2011;171:81–85.
9. Jensen TH, Hammer AS, Chriel M. Monitoring chronic infection
with a field strain of Aleutian mink disease virus. Vet Microbiol
2014;168:420–427.
10. Escobar-Gutierrez A, Vazquez-Pichardo M, Cruz-Rivera M, Rivera-
Osorio P, Carpio-Pedroza JC et al. Identification of hepatitis C virus
transmission using a next-generation sequencing approach. J Clin
Microbiol 2012;50:1461–1463.
11. Metzker ML, Mindell DP, Liu XM, Ptak RG, Gibbs RA et al. Molecu-
lar evidence of HIV-1 transmission in a criminal case. Proc Natl
Acad Sci USA 2002;99:14292–14297.
12. Kvisgaard LK, Hjulsager CK, Fahnøe U, Breum Solvej Ø., Ait-Ali T
et al. A fast and robust method for full genome sequencing of Por-
cine Reproductive and Respiratory Syndrome Virus (PRRSV) Type
1 and Type 2. J Virol Methods 2013;193:697–705.
13. Jakhesara SJ, Bhatt VD, Patel NV, Prajapati KS, Joshi CG. Iso-
lation and characterization of H9N2 influenza virus isolates
from poultry respiratory disease outbreak. Springerplus 2014;3:
196.
14. Quail MA, Smith M, Coupland P, Otto TD, Harris SR et al. A tale of
three next generation sequencing platforms: comparison of Ion
Torrent, Pacific Biosciences and Illumina MiSeq sequencers. BMC
Genomics 2012;13:341.
15. Lole KS, Bollinger RC, Paranjape RS, Gadkari D, Kulkarni SS et al.
Full-length human immunodeficiency virus type 1 genomes from
subtype C-infected seroconverters in India, with evidence of inter-
subtype recombination. J Virol 1999;73:152–160.
16. Martin DP, Murrell B, Golden M, Khoosal A, Muhire B. RDP4:
detection and analysis of recombination patterns in virus
genomes. Virus Evol 2015;1:1–5.
17. Gottschalck E, Alexandersen S, Storgaard T, Bloom ME,
Aasted B. Sequence comparison of the non-structural genes of
four different types of Aleutian mink disease parvovirus indi-
cates an unusual degree of variability. Arch Virol 1994;138:213–
231.
18. Hasegawa M, Kishino H, Yano T. Dating of the human-ape splitting
by a molecular clock of mitochondrial DNA. J Mol Evol 1985;22:
160–174.
19. Canuti M, O’Leary KE, Hunter BD, Spearman G, Ojkic D et al. Driv-
ing forces behind the evolution of the Aleutian mink disease par-
vovirus in the context of intensive farming. Virus Evol 2016;2:
vew004.
20. Drummond AJ, Syw H, Rawlence N, Rambaut A. A Rough Guide
to BEAST 1. 4. 2007:1–41.
21. Brown RP, Yang Z. Rate variation and estimation of divergence
times using strict and relaxed clocks. BMC Evol Biol 2011;11:
271.
22. du Plessis L, Stadler T. Getting to the root of epidemic spread
with phylodynamic analysis of genomic data. Trends Microbiol
2015;23:383–386.
23. Bowman BH, White TJ. Molecular epidemiology of AIDS. In: Scho-
chetman G and George JR (editors). AIDS Testing. New York, NY:
Springer New York; 1994.
24. Ypma RJ, van Ballegooijen WM, Wallinga J. Relating phylogenetic
trees to transmission trees of infectious disease outbreaks.
Genetics 2013;195:1055–1062.
25. Ypma RJ, Jonges M, Bataille A, Stegeman A, Koch G et al. Genetic
data provide evidence for wind-mediated transmission of highly
pathogenic avian influenza. J Infect Dis 2013;207:730–735.
26. Drummond AJ, Bouckaert RR. Bayesian Evolutionary Analysis with
BEAST 2. Cambridge University Press; 2015. p. 260.
27. Pedersen AG. seqlib.py. 2012.
28. Katoh K, Standley DM. MAFFT multiple sequence alignment soft-
ware version 7: improvements in performance and usability. Mol
Biol Evol 2013;30:772–780.
29. Darriba D, Taboada GL, Doallo R, Posada D. jModelTest 2: more
models, new heuristics and parallel computing. Nat Methods 2012;
9:772.
30. Ronquist F, Teslenko M, van der Mark P, Ayres DL, Darling A
et al. MrBayes 3.2: efficient Bayesian phylogenetic inference and
model choice across a large model space. Syst Biol 2012;61:539–
542.
31. Bouckaert R, Heled J, Kühnert D, Vaughan T, Wu CH et al. BEAST
2: a software platform for Bayesian evolutionary analysis. PLoS
Comput Biol 2014;10:e1003537.
32. Rambaut A, Suchard M, Xie D, Drummond A. 2014. Tracer v1.6.
http://beast.bio.ed.ac.uk/Tracer
33. Xi J, Wang J, Yu Y, Zhang X, Mao Y et al. Genetic characterization
of the complete genome of an Aleutian mink disease virus iso-
lated in north China. Virus Genes 2016;52:463–473.
34. Li Y, Huang J, Jia Y, du Y, Jiang P et al. Genetic characterization
of Aleutian mink disease viruses isolated in China. Virus Genes
2012;45:24–30.
35. Schuierer S, Bloom ME, Kaaden OR, Truyen U. Sequence analysis
of the lymphotropic Aleutian disease parvovirus ADV-SL3. Arch
Virol 1997;142:157–166.
36. Li L, Pesavento PA, Woods L, Clifford DL, Luff J et al. Novel amdo-
virus in gray foxes. Emerg Infect Dis 2011;17:1876–1878.
Hagberg et al., Journal of General Virology 2017;98:1360–1371
1371
